Opal: A Multi-Level Infrastructure
for Agent-Oriented Software Development

M. Purvis, S. Cranefield, M. Nowostawski, and D. Carter
Information Science Department, University of Otago, Dunedin, New Zealand
Email: mpurvis@infoscience.otago.ac.nz

ABSTRACT

TheOpal architecturefor software devel opment i sdescribed that supportsthe
useof agent-oriented conceptsat multiplelevelsof abstraction. Atthelowest
level are micro-agents, streamlined agentsthat can be used for conventional,
system-level programming tasks. More sophisticated agents may be
constructed by assembling combinations of micro-agents. The architecture
conseguently supports the systematic use of agent-based notions throughout
the software development process. The paper describes (@) the
implementation of micro-agents in Java, (b) how they have been used to
fashion the Opal framework for the construction of more complex agents
based on the Foundation for Intelligent Physical Agents (FIPA)
specifications, and (c) the Opal Conversation Manager that facilitates the
capability of agentsto conduct complex conversations with other agents.

1. Introduction

The task of building complex distributed information systems is a major
challenge facing the software engineering community, and an open networked
environment, such asthelnternet, offersadditional challengesbecauseof itsdynamic
andvolatilenature. But whatever the particular circumstances of agiven system, the
design and management will be assisted if advantage can be taken of the following
three notions [1]:

Abstraction: encapsulating information by defining modelling “chunks’ that
emphasise afew important details and suppress others.

Decomposition: hierarchical refinement by employing thenotion of “divideand
conquer”.

Organisation: the process of identifying and managing the interoperation of
complex components.

Over the past fifteen yearsobj ect-oriented and component-based techniqueshave
been devel oped to take advantage of the first two of these notions. More recently,
it has been suggested that the use of techniques associated with the concept of



software agents [2,3] are even more suited to the exploitation of the three notions
listed above.

For such an argument to hold in practice, however, it is necessary that there be
asuitable agent-building infrastructure available for software engineers so that they
can employ agent constructs in the various ways that are envisioned. In particular
to support decomposition, it is necessary to be ableto use agents at various levels of
modelling detail and refinement. In thisway, a designer should be able to consider
asystem at any level of desired detail and think of that system in terms of agents
(each of which could, in principle, be composed of smaller, internal agents). And
the use of agent entities should not impose an unsatisfactory performance penalty on
the designer who electsto usethem. In addition, to take full advantage of the agent
paradigm, support should be provided for thethird of the notions|isted above, agent
organisation.

At the present time, however, there does not appear to be any agent-building
toolkit or suitableinfrastructural support that compl etely meetsthese basic demands
and enables agent-based software engineering in the ideal manner envisioned. The
main publicly available agent-building toolkits discussed in the literature [4-6] are
focussed on the construction of systems whose individual agents have a relatively
coarse degree of granularity and which are not intended to be refined into smaller
agents. These systems may specify the use of interoperable and semantically rich
string-based communication [ 7] or the support of high-level cognitivemodelling [8];
and while valuable for certain situations, the use of such machinery for building
smaller components, such asgraphical user interface applications, may beirrelevant
and impractical®.

Existing agent-building toolkit systems are quite complex in their own right and
have been primarily built using object-oriented software technology, rather than
agent-based technology. Consequently they do not have the notion of agents built
into their underlying machinery. The present paper discusses an approach for
building complex software systems, whereby the concept of a modelling agent can
be used at multiple levels of modelling and operational detail. With this approach,
both fine-grained and coarse-grained agents can be employed where desired. In
particular, one can use the approach to design an infrastructural agent toolkit that is
to be used to support the general construction of agent-based systems. We discuss
our work in this connection by describing the design and devel opment of the Otago

1

MadKit [9] is a fine-grained agent-building toolkit that includes some ideas
similar to those expressed in this paper, although to our understanding it hassome
architectural differenceswith our approach and has not been used asthe basisfor
a coarse-grained agent-building infrastructure.



Agent Platform, Opal, an agent-building toolkit that has been designed using this
multi-level agent-based approach and includes richer support for agent organisation
by means of anovel agent conversation management module.

2. A Multi-evel Agent Architecture

The overall goal of our approach is to use the notion of agency to model and
build systems at any level of abstraction. Thisis achieved by instantiating the idea
of an agent at the lowest level of operation so that it is practically realisable for
efficient code execution but still retains enough of the features of "agenthood" that
it can sill be considered to be an agent for modelling and design purposes. In order
to facilitate the following discussion, we identify some terms to describe various
aspects of our architecture:

# Agent — a persistent entity deployed on a multi-agent system. This can be
considered to be an actor that plays one or more rolesin a society of agents.

# Micro-agent — a particular type of agent that represents the lowest and most
primitive level of agent instantiation.

# Role—a specification of a cohesive set of behaviours, functions, or servicesin
the multi-agent society. Roles may be played by one or more agentsin an agent
system. Each agent playing arole may take adifferent approach to providing the
role’ s services.

# Responsive Agent — an agent which does not control its own thread of
execution, but simply reactsto the stimuli from the outside. Upon activationthis
agent can nevertheless perform deliberative computations, engage in social
interactions, commit to or refuseto accept aparticular goa giventoit, or perform
or refuse to perform a particular function assigned to it.

# Autonomous Agent —an agent which controls its own thread of execution. It
actively pursues and maintains its goals, stimulates other agents, including
responsive agents, and control and manipulate other agents (by playing the
Group role).

# Agent Group —arolethat provides an environment in which other agents (sub-
agents) exist. Thisrole is used for registration and discovery in a society of
agents. It providesamechanism for agentsto |ocate each other based ontherole
they are playing, arole-based “yellow pages’ service for micro-agents. Agents
can register with more than one agent playing the group role.

# Agent System — any persistent society of agents. An agent system could have
multiple groups, and specific groups or agents could be introduced, deployed or



redeployed, or killed at varioustimes during thelife of the system. Anagent can
be decomposed into smaller sub-agents that work together. When this happens,
we can think of the original agent as having become an agent system.

A UML diagram of thekey entitiesintheMicro Agent SystemisshowninFigure
1. There aretwo base elementsin the Micro Agent System, agentsand roles. Agents
represent actors in the system that can play one or more roles. Roles are interface
specifications of a cohesive set of services that may be provided by one or more
agents, and each agent may take adifferent approach to providing therole's services
in order to implement that role. An agent group is a role that provides an
environment in which other agents (sub-agents) exist. Because an agent group isa
role, some agents can contain other agents. This can be used as a hierarchical
decomposition method for caseswhereit islogical to design agentsin termsof a set
of sub-agents. All agentsbelong to at |east one agent group (an owner) that they live
in; however top-level agent group does not have an owner, and thisis effectively a
recursion termination condition.
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Figure 1. Micro-agent system design.

21  Micro-agents

Micro-agents exist at the lowest-level of agent-based abstraction in this
architecture. Inorder to be efficience at thisfine-grained level, they do not have all
of the qualities often attributed to typical, more coarsely-grained agents. Those
agents that exist at the higher levels of abstraction, such as those based on the
Foundation for Intelligent Physical Agents (FIPA) [10] specifications, typically



engagein agent communication using adecl arativerepresentation for their messages
that is based on speech-act theory [11]. Micro-agents, on the other hand, employ a
simpler form of agent communication and, in addition, have more limited flexibility
when compared to higher level agents.

Coarse-grained agents, such as FIPA-based agents, may make reference to
ontologies (which characterise the terms and relationships mentioned in their
messages), and they may reason about such ontol ogies or even adopt new ontologies
for new agent conversations. Micro-agents, on the other hand, do not have
ontologies in that sense but can be thought of as having an implicit system-level
ontology that cannot be changed or reasoned about.

Micro-agents, being the closest entitiies to the machine platform, must be
implemented on a specially design micro kernel. For example, for the case of the
OPAL system, which isimplemented in Java, the micro-agents areimplemented by
extending defined packaging and framework constraints, and they communicatevia
method calls. As a consequence, the micro-agents behave in strictly-defined and
predictableways and do not carry out runtime reasoning. Additionally, somemicro-
agents are responsive agents and do not own their own thread or threads of control.

Agents may be composed of any number of other agents or micro-agents. Non-
primitive micro-agents are composed only of micro-agents. The same agent-based
modelling approaches apply in the same way to both coarse-grained agents and to
micro-agents — the same design methodol ogy, role-oriented and society-oriented
techniquesapply equally to coarse-grained agentsasto micro-agents. Agent-oriented
decomposition and role-based modelling are independent of the deployment scale.
All therolescan potentially be played by micro-agentsor coarser-grained agentswith
asimilar result. However the key advantage of micro-agentsisthat for small-scale
systems they will radically out-perform coarse-grained agents at runtime.

2.2 Communication

For traditional communication in multi-agent systems, peer-to-peer asynchronous
message passing with a formal agent communication language is used [7]. A
message is embedded inside an envelope, which contains routing information,
identification of the receiver and the sender, and the content of the message. The
message content, which can be expressed in one of a number of possible content
languages, makes references to terms formally defined in an ontology, and can be
sent in the context of an ongoing interaction protocol [10] or conversation. A
conversation in this context is a sequence of message exchanges which may span
multiple interaction protocols and multiple agents.

In order to maintain the spirit of inter-agent semantic communication as
expressed in speech-act theory, micro-agents have been designed so that they



communicate using messages of the following types. directives, assertives,
expressives, commissives, permissivesand prohibitives[12]. Thisdoesnot represent
atrue implementation of natural language communication, but instead uses names
derived from the discipline. The intention is to enable the developer to employ a
mental model of |anguage-based agent communication when micro-agents are used.

Thesocial aspectsof theagent interactionsare capturedinthe SocialRole (Figure
1), which contains all the primitive type of communicative acts discussed above.
The communicative acts (performatives) are implemented as simple method calls
with a special argument list. The performative is represented as the method name
itself, while the sender isidentified by the first parameter, and the message content
is represented by the goal argument. Goals together with Roles can be designed in
UML, which then maps directly to the implementation via classes and interfaces.

2.3 Implementation

The current implementation of the micro-agents and the kernel which supports
them is written in the Java programming language. This elevates existing
object-oriented design patterns up to a useful agent-oriented abstraction level.
However the Java programming language imposes some constraints of what can be
done, and consequently some of the patternsthat are desirable from the agent-based
perspective cannot beimplemented in astraightforward and efficient manner. Some
of the most notable problems are:

# Anagent dynamically playing different rolesmapsto aclassimplementation that
can play severa differing interfaces at runtime. Thisis not possible without the
inefficient dynamic proxy mechanism introduced in Java 1.3.

# Anagent will often need to identify the sender of amessage, but using Javait is
impossible to identify the caller of amethod without using an additional formal
argument in the method.

# Javareflection, needed to discover runtime agent capabilities, is inefficient.

Despite these constraints, we believe that there are good reasons to implement
an agent based system in the Java language, and we also believe that we have
successfully implemented most of the features which lie at the heart of
agent-oriented software engineering. The intention has been to provide a
micro-agent and kernel framework which is as efficient as possible so that the
micro-agent message operation involves little more overhead than anormal virtual
method call in Java.



2.4 Anillustrative example

To demonstrate the use of micro-agents from the Java developer’ s perspective
we have developed asimple"HelloWorld" example. TheHello World agent system
consists of four agents, the User agent, HelloPrinter, Dumper, and DataCollector,
which are organized into two groups, as shown in Figure 2. The User agent is a
socia agent which wantsthe Hello World datato be printed. HelloPrinter isasocial
agent which can achievethegoal of printing “HelloWorld”. Dumper isaresponsive
agent which can dump data to a system output port, and DataCollector isasimple
responsive agent which can provide data, and in this scenario it provides the static
"Hello World" string.

Anonymous Agent System

User Agent HelloPrinter Agent
DataCollector Dumper

Figure2. ‘Hello World' example.

By separating these four different aspects of the system, different agents
implementing the same roles can be plugged in without affecting the rest of the
system. This allows us to have the following collection of agents,

# Dumper agents, which dump to the screen, to a file, or to some GUI-based
output.

# Several DataCollector agents, one collecting data from the user sitting in front
of the console, others from afile, telephone or GUI applications.

These extensions could be added during runtime by plugging in different agents
dynamically, without affecting the rest of the system.



Setting up the Hello World system in Java could look like this:

public static void main(String[] args) {

/'l the process of |oading and creating new agents

/'l perfornms registration and initialisation

Agent hello = SystemAgent Loader. | oadAgent ( new
Hel l oPrinterlinpl ());

Agent user = SystemAgent Loader.| oadAgent( new
User Agent () ) ;

/'l add subagents to hell o agent

G oup group = hello.get Goup();

Agent Loader | oader = group. get Agent Loader ();

| oader .| oadAgent ( new Dunper Agent ());

| oader .| oadAgent ( new Dat aCol | ecti ngAgent ());

/'l go!
Goal g = HelloPrintedGoal.instance();
hel | o. want (user, Q);

}

/'l Hello Printer Role Inplenentation
public class HelloPrinterlnpl

ext ends Def aul t Soci al Rol el npl

i npl ements Hell oPrinter {

public void want (Agent a, HelloPrintedGoal g){
/1 machinery to achi eve goal
}

}

The code above shows an example of atop level main method which sets up agents
indifferent groups. Onegroupisthetop level agent group containing the User agent
and HelloPrinter agent. The second group is contained within the HelloPrinter agent
— it controls and manipulates a DataCollector agent and a Dumper agent.

Table 1. Performance for 10,000 ‘Hello World' iterations.

I mplementation Time (ms.)

Java 550
Opal Micro-agents 600
MadKit 15,000
JADE 122,000




To demonstrate the merit of the micro agent approach four different Hello
World implementations have been developed and timed. The first implementation
was a simple cal to the Java method { System out.printin("Hello
Wor | d") ; and the second the micro-agent implementation asdescribed above. The
third was an implementation using the the same agent-decomposition as the
micro-agent example, but with the MadKit [9] agent toolkit. The fourth was a
similar implementation using the JADE [4] agent toolkit. The results of timing
10,000 Hello World requests are shown in Table 1.

The JADE agents actually did not perform any message processing or parsing
during the tests, and there was no data conversion performed for a given transport.
It ran on single virtual machine and all message passing was done viaasimple Java
RMI mechanisms. Thisshowsthat coarse grained agents may in some cases be 200
times slower than our micro-agent implementation and confirms that FIPA-like
agents are not likely to be suitable for fined-grained, smple and efficient system
components.

2.4 Micro-agent Applications

In this subsection we discuss how the micro-agents can be used to build
applicationsusing an agent-oriented approach. In Section 3thisdiscussioniscarried
further by describing the development of the Opal system using micro-agents.

An initial agent-oriented model of arobot is shown in Figure 3. This model
identifies the role of an robot, interacting with an environment and receiving
instructions from a human operator. It would be possible to go from this model
directly to an implementation of the robot as a coarse-grained agent. This
implementation would be monolithic, and it is likely that further design, possibly
using object-oriented methodol ogies, would be required to provide adecomposition
from this high-level model to implementation level components.

Robot
Human Environment

anan_ i

Figure 3. Aninitial agent-oriented model of arobot.

Figure 4 shows a more detailed decomposition of the robot. Several
autonomous, concurrently running and communicating sub-roles are identified, a
sensory processor, task scheduler, and meta-level processor. Three independent
effectorsareasoidentified, thearm and theleft and right wheels. These components



may themselves be further decomposed, the figure shows only the decomposition of
the task scheduler. Three reactive components of the task scheduler are identified:
acommand analyser, action planner and action executor. Anexamplescenario could
be the operator asking the robot to move to a particular location. This directive
would be processed by the command analyzer, then the planner would create a plan
to reach the location, and then the executor would send instructions to the wheels
and arm to move to the location.
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Figure4. A refined agent-oriented model of arobot.

Thelevel of detail expressed in thismodel would not be practical to implement
using traditional coarse-grained agents—asthe Hello World example hasshown this
would be too inefficent. Although the initial model for the coarse-grained
implementation was agent-oriented, further refinement of such a model using
traditional agent development technologies would likely require aternative design
methods to be used. On the other hand, using the micro-agent approach described in
this paper, a more-detailed level of design can be achieved with agent modelling
employed all the way down to the implementation level.



3. Opal: the Otago Agent Platform

As discussed in Section 2.1, micro-agents are presented without much of the
coarse-grained machinery often associated with "intelligent” agents. While
micro-agents have been found appropriate for closed systems, such as those
discussed in the previous section, many interesting agent-related research areas
involve open systems, where the agents aretypically coarse-grained, heterogeneous
entities that make use of different languages and ontol ogies.

The Foundation for Intelligent Physical Agents (FIPA) is developing open
specifications for such coarse-grained agent systems [10]. A key part of thiswork
has been the FIPA Abstract Agent Architecture (FAA), which is an abstract
specification of the infrastructure necessary to provide asuitable platform on which
such agents can exist.

OPAL Agert

Role

®getDescriptionf) : AgentDescription

CPAL Agert Platform

Yregister Agent{OpalAgent oa)
*ﬂeregisterﬂgent{ﬂpalﬂgent oa)
ﬁnndif}rﬂgentlnfu{ﬂpalﬂgent oa)
YfindAgentfAgentDescription ad)
YsendMessage(Message m)
WreceiveMessagef) : Message

Figure5. Micro-agent roles used by the Opal system.

This section discusses the Otago Agent Platform (Opal) which provides a
concrete instantiation of the FAA, as well as other tools and utilities useful for the
devel opment of agent-based systems. Opal isasystem which is based on and uses
the underlying micro-agent kernel implementation. There is considerable amount
of infrastructure specified by FIPA for coarse grained agents that does not exist in
the micro-agent system as we have described it. To provide this additional
capabilities for FIPA-type agents, specialised micro-agents need to be introduced.
The Opal system is therefore designed to be a combination of these specialised
micro-agents, that together provide for FIPA functionality.



3.1 Opal Architecture

An important concept of the FAA istheidea of an Agent Platform (AP) —this
provides environmental support and the basic servicesfor the agents deployed on it
and it also provides a directory service to agents outside the AP. The Opal AP is
implemented as a micro-agent playing the Agent Platform Role (see Figure 5). The
key services that the AP provides are inter-platform message transport via the
Message Transport System (MTS), agent management and a white-pages directory
viathe Agent Management System (AMS), and yellow-pages directory servicesvia
the Directory Facilitator (DF). These three logical capability sets are implemented
in the Opal AP as separate micro-agents.

Micro-agent group BDI Micro-agent
Micro-agent 2 Planner
Exceptions Inten.tion
Handler Engine
Action Knowledge
Engine Base
OPAL Agent

ConversationController

FIPA ACL Handler

MessageDispatcher

Figure 6. The Opal FIPA platform and Opal agents.

The AP Roleimplementation doesnot itself perform the bulk of the processing
required for the actions of the AP Role (see Figure 5), rather its tasks are delegated
to the three contained micro-agents. To register an agent, the MTS needs to know
about the agent so it can receive messagesfor it, the AM S needs to add the agent to
its white-pages directory and the DF needs to add the agent to its yellow-pages
directory.



It is convenient for developers to specify the receiver of a message using a
simplename. For the platformto send the messagethetransport-level address, which
might be a CORBA IOR, Java RMI address or even an email address, it must first
be found using the AMS, and then the MTS is used to send the message. When
performing an action, the Agent Platform agent has the responsibility for ensuring
that the correct sequence of sub-actions gets performed, but does not perform any of
these sub-actions itself.

Asidefrom the micro-agent rolerepresenting the agent platform, an Opal system
needsto contain the higher-level coarse-grained FIPA agentsthat exist onthe Agent
Platform. The micro-agent roles representing FIPA agents can contain avariety of
sub-agent roles. An agent that contains no sub-agents is provided with only the
ability to send and receive messages. Figure 6 shows a single FIPA agent that uses
a conversation controller micro-agent role to keep track of conversations that the
agent is involved in. The conversation controller requires that some micro-agent
exists that is able to play the message dispatcher role. Another FIPA agent may
require the Belief-Desire-Intention micro-agent role to enable it to be developed
using the BDI model.

Opal System

OPAL Platform Agent

......

Engine

AMS

DF

MTS

Figure 7. Example of an Opal system.



A complete Opal Agent System with associated FIPA-specified services is
depictedin Figure 7. Individual Opal Agents of the type shownin Figure 7 can all
access an Opa Platform Agent. The Opal Platform Agent contains individual
micro-agents that implement the FIPA-specified services of the Message Transport
System (MTS), the Directory Facilitator (DF), and the Agent Management System
(AMS). The Opa Management Console, which facilitates user monitoring and
control of the Directory Facilitator, agent messages, and the AMS, is shown in
Figures8 and 9.

K ' OPAL Management Console

File AMS DF Help
=R
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dfi@oull9 028 active |He||aa\gent Platform
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ams@oulliozg active H  Terminate

Initiate
1

Figure 8. Opa Management Console: AMS.
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Figure 9. Opal Management Console: Message Log.



3.2 Message Transport and Dispatching

Transport services are the lowest level services provided usually by the Agent
building toolkit or framework, to enable inter-agent communication and message
passing. Most of the existing agent frameworks suffer, however, from different
levels of incompatibilities, because they all provide their own customized
implementation of message transport and dispatching. Opa differs from its
predecessor agent frameworks in this respect, by employing the emerging industry
standard for lower-level standard services, JAS.

JAS, which stands for Java Agent Services, is an effort to define an industry
standard specification and API for the development of network agent and service
architectures (for more details see http://www.java-agent.org)®. Opal employs a
modular implementation approach to transport services not offered currently by any
other agent framework. Transport services are pluggable, and thus new transport
implementations can be seamlessly integrated into the platform when needed. By
default, Opal providesimplementations of the two main transport protocols used by
FIPA platforms, FIPA JAS RMI-based and FIPA 2000 |1 OP-based transports, which
can be plugged in and used in any JAS-compliant platform.

3.3 Interaction Manager

Opa implements several standard FIPA interaction protocols, and there is a
special entity which handles dispatching and switching the state of a conversation
based on the type and properties of received and sent messages. We refer to this
modul e astheinteraction manager, asdistinguished from the conver sation manager
which is described in the following section.

The basic abstract role is an Interaction Tracker, which is speciaized by
concrete roles from al predefined FIPA interaction protocols, like
FIPARequestTracker, FIPAQueryTracker, etc. Other agents can use the concrete
instantiations of those roles, which are played by the dynamically created agents.
Theactual InteractionM anager isresponsiblefor starting, monitoring and controlling
all those instantiations.

The systemisflexible enough to cope with different aspectsduring runtime, for
example aspecialized I nteraction Manager could be used to monitor and reschedule

2

JAS does not have a formal specification yet, but there exists a preliminary
proposed API set and reference implementation which Opal currently follows.
Opal development effortswill continueto follow closely JAS effortsin order to
maintain compatibility with it and ensure an up-to-date implementation.



priorities of the ongoing interactions, keep track of exceptions and delegate them to
specialised units elsewhere in the system.

4. Opal Conversation Manager

A conversation is an ongoing sequences of messages which can span multiple
agents and multiple interaction protocols. To manage the complexity of these
conversations, aspecial infrastructural component must be modelled, implemented
and deployed. There are many aspects which need to be addressed, including
tracking individual interaction protocols and their violations, keeping track on the
context and the subject, timing out late responses, allocating resources to more
important tasks, etc. For the purposes of thefollowing discussion, weidentify some
fundamental terms used when discussing agent interactions®:

communicative act — a special action type in the speech act theory that
represents a basic building block of the dialogue between agents and has a
well-defined semantics independent of the content of the action. There are
currently two major specifications, the FIPA Agent Communication
Language and the Knowledge Query and Manipulation Language (KQML)
[14].

protocol (interaction or conversation protocol) — the template of the
communicative acts sequence.

conversation — an instance of a conversation, a particular sequence of
communicative acts.

policy (interaction or conversation policy) — strategies, guidelines and
constraints guiding a conversation.

From our experience we have observed that agent conversation modelling can
be decomposed into several separatelayers. Thefirst, most basic layer, isaprotocol
layer. A conversation protocol is a template of sequences of expected
communicative acts organised into roles. This definition is compatible with the
definition of aprotocol specified by FIPA as; “acommon pattern of dialogues used
to perform some generally useful task; the protocol is used to facilitate a
simplification of the computational machinery needed to support a given dialogue

3

Notethat the terminology used by us does not necessarily match the terminology
from other publicationsin thefield, where protocol, policy, and conversation are
very often used interchangeably. In particular the notion of conversation policy
from [13] is equivalent to conversation protocol in our terminology.



task between agents; simply: a dialogue pattern” [10].

On top of that layer another layer is constructed: the conversation layer. A
conversationisaparticular instance of aprotocol or set of protocols; itisan ongoing
sequence of messages exchanged between two or more agents. This definition also
complies with the one defined by FIPA: “an ongoing sequence of communicative
acts exchanged between agents relating to some ongoing topic of discourse” [10].
However, we exclude from our usage the possibility of conversations being
constructed from arbitrary chosen acts not conforming to aformal protocol.

Thefina, third layer is called the policy layer. Thisisthe layer which would,
with other approaches, be left to the agent application to coordinate and not be
included explicitly in the conversation modelling process. However we feel that it
IS more appropriate to treat it as closely related to the conversation layer. A
conversation policy isacollection of rules and interaction specifications that guide
aparticular path or trgjectory in a conversation space. A policy defines the details
concerning the conversation is handled by interested parties. Thus each protocol
defines a space of possible sequences of communicative acts, each conversation
followsonetrgjectory from this space, and apolicy guidesaparticular conversation.

For example: imagine one protocol defining two roles, buyer and seller, and a
sequence of actsfor the buyer: ask (ask aseller for aparticular goods delivery), then
accept (accept the price and buy goods) or reject (reject goods, do not buy). And for
aseller, the possible answersto the buyer ask action could be: propose (proposethe
goods price) then sell when accepted or do nothing when rejected. This simple
specification is a protocol. Two participants have to follow a protocol to form a
conversation. One possible policy (strategy) for the buyer would be to ask for goods
from several other agents concurrently, and accept the lowest price and reject all the
other proposals. That would dynamically create arelatively complex conversation
involving several selling agents and asingle buying one. A simpler strategy would
beto ask only one selling agent, and accept or reject the proposal given by thisagent,
then start over a new conversation by issuing yet another ask to another potential
seller for aproposal if the first iteration was finished without making a deal.

Policies may beimplemented simply by set of rules, or, in more complex cases,
they may have their own complex protocols that exist and change state in parallel
with theimmediate context of an ongoing conversation. Under these more complex
circumstances, theremight bea"policy-level interaction protocol” (another protocol,
but at the policy level). It isunder these conditions that we can benefit from having
another modelling layer at the policy level, abovethat of the ordinary conversational
modelling layer. The two layers can be joined together by representing them both
as acoloured Petri Net (see Section 5).

Suppose, for exampl e, we have aconventional conversation protocol involving



two players playing agame of chessin achesstournament. There are possiblerules
for legal moves and legal responding moves by the opposing players, which would
be described by this conversation protocol. But existing above that level of
abstraction is another level of discourse that can take place during the game.
Suppose one of the players has a question concerning the official rules of the game
and wants to have aruling made by one of the tournament judges. Or suppose one
of the players at some point wants to take time out from the game and halt play so
that he or she can drink water or attend to some personal needs. These kinds of
‘interrupt’ or ‘exception’ are common to many kindsof interactionsand can take place
at almost any time. Thediscourseinvolvedintheseinterruptsare usually "off-topic"
from the context of the immediate conversation, and in fact they are often about the
conversation that is taking place (such as the chess player who may accuse his
opponent of breaking the conversation protocol rules associated with playing the
game of chess). Sincethey arelikely to be"off-topic" and can occur at any moment,
it can be tedious to include these kinds of conversational strands in the given
(domain-specific) conversation protocol. To do so would "clutter" the visual
simplicity of the original conversation protocol and would lessen the value in
providing a easy-to-comprehend visual modelling representation of the interaction.
Ontheother hand, to leave out the possibility of representing such eventsistoignore
the possibility of their occurrence and consequently means that there isafailure to
model the world adequately so that its essentially contingent nature is recognised.
Our solution is to model these kinds of interactions that can guide, interrupt, or
redirect existing conversations by representing them as another, parallel modelling
layer above that of the existing conversation layer. Thisideawas suggested in [15]
for specific types of conversation, but we have generalised the notion and
incorporated itinto aPetri Net representation. Thusaconver sationisacombination
of protocols being instantiated and manipulated by a particular policy.

4.1 Conversation modelling

A number of modelling techniques have been employed to keep track of agent
conversations, including Deterministic Finite Automata [13,16], Enhanced Dooley
Graphs[17], and extended UML [18]. We use coloured Petri nets[19,20], because
their formal properties facilitate the modelling of concurrent conversations and
policiesin an integrated fashion. Coloured Petri nets are similar to ordinary Petri
netsin that they compriseastructure of places, transitions, and arcs connecting those
two types of elements. In addition, coloured Petri nets have structured tokens and
aset of net inscriptions (arc expressions, guards, and placeinitialisations) which can
be evaluated to yield new net markings when transitions are fired. In the context of
agent conversations, Petri net tokens represent messages, arcs represent message
passing and delivery mechanisms, and transitions represent message processing
units. Agent roles are organized into subnets, and roles are represented graphically
by separating them with horizontal dashed lines. Arcscrossing role boundaries, i.e.
arcs which cross dashed lines, represent physical message passing actions (the



process of sending and receiving a single message in the agent system). The arcs
within roles are left up to the implementation and usually, for efficiency purposes,
are implemented as method calls. Places represent message containers or
intermediate containers, and usually do not map in the implementation to anything
in particular, unless the Petri Net model is mapped directly to a Petri Net
implementation (asin the case of Opal). Then aplaceisan abstraction of amessage
folder, containing processed or being-processed messages.

There is dways one initiator of a conversation, a role which starts the
conversation by issuing the very first message, and this role (and only this role)
aways has the Sart place, which enables the very first transition to fire. All roles
have separate dedicated Ter minated places, which collect thetokenswhen no further
message processing is scheduled to occur.

A conversation is a whole Petri Net composed of a set of subnets (i.e.
protocols), where at |east one role has the Start place (initiator) and is connected to
an arbitrary number of other conversation participants. A conversation state is a
current net marking. A conversation policy may, in straightforward cases, be
encoded via arc inscriptions and guards inside roles of existing conversations. In
more complicated cases, aconversation policy can be encoded asaparallel Petri Net
that lies above the existing conversation protocol and represents exceptional, or
"off-topic" conversational elements that may take place at various times during the
ordinary conversation. SeeFigure 10for an exampleof such apolicy-level Petri Net.

Policy Level

OO

Conversation Level

Figure 10. Petri net with conversation and policy levels.



It is natural to compose more complex conversation models out of simpler
conversations or sets of protocols by connecting appropriate elementsby arcs. Itis
important to note that complex conversations do not change the semantics of the
protocols (subnets). For consistency, all basic act exchange schemasare defined via
protocols, even if only a single communicative action is executed between two
agents (single act without a response). That means that all communicative acts
defined in an Agent Communication Language (ACL) (suchasFIPA ACL or KQML
have at |east one protocol defined for them .

4.2 Conversation examples

FIPA hasdefined acollection of simpleinteraction protocol s, which can beused
in separation or in conjunction with other protocols. Wefirst consider asimple FIPA
interaction protocol, request. For an informal outline of the protocol, we have
chosen a notation based on FIPA-97 specifications. FIPA used a notation (in its
previous specifications) based on Deterministic Finite Automata, represented
graphically ssimply as connected boxes. Boxes with double edges represent
communicative actions, which can also be treated as states; white boxes represent
actions performed by initiators; shaded boxes represent actions performed by other
participants in the protocol. Connections between boxes can be interpreted as
transitions. (For simplicity wehaveskipped not - under st ood responses, which
can be sent in response to virtually any communicative act.) For the purposes of
simplicity and clarity of the Petri net diagrams, we have only shown the names of
placesandtransitionsand haveleft theinscriptions, guardsand marking unspecified.

4.2.1 FIPA request protocol
The FIPA request protocol simply allows one agent to request an action to be
performed by another agent. The action request can berejected or accepted, and once

request
action
refuse agree
reason
failure inform inform
reason Done(action) action result

Figure 11. The FIPA request protocol.



accepted can be finished with a success or failure. The schematic representation of
this protocol is shown on Figure 11.

The Petri-Net-based model of asimplerequest conversationisdrawnin Figure
12. As discussed in Section 4.1 all the arrows (transitions) crossing the role
boundaries represent message exchange between two agents(roles). Wecan call the
upper role from the diagram, an employer, and the other role, a contractor. The
conversation formally specifies where and how the interaction between two
interested parties occur, and what communicative acts are allowed in particular
stages of the conversation.

Process Refuse Process Agree Process Done
Prepare Request

Done Terminated

Terminated

Process Request Process Inform

Figure 12. Petri net representation of the FIPA request protocol.

4.2.2 Contract-net protocol

We use here amodified version of the FIPA contract-net protocol, where the
manager wishes a task to be performed by one or a group of agents according to
somearbitrary function which characterisesthe task. The manager issuesthecall for
proposals, i.e. thecfp act, and other interested agents can send proposals. 1n contrast
totheoriginal FIPA contract-net protocol, thereisno need to do anythingif an agent

cfp -
action
propose
conditions
reject accept _<‘
reason
I cancel
| reason
I | ,
failure inform
reason Done(action

Figure 13. A custom contract-net protocol (FIPA notation).



playing arole of a potential contractor is not interested in submitting a proposal.
That meansthat our contract-net model from the very beginning relies on the notion
of timeout, i.e. some actions need to be performed in the event of alack of enough
proposals, or even in the case of a complete lack of proposals.

The proposals are collected by the manager, and then they are rejected or
accepted. The accepted proposals can be cancelled, either by the manager via a
cancel action, or by the contractor viaafailure action. Incase of cancellation, other
submitted proposals can be reconsidered, or acompletely new call for proposals can
beissued. The schematic representation in the FIPA notation is presented in Figure
13, and the Petri Net model is shown in Figure 14. The contract-net initiator is a
manager and all other participants are contractors. In the Petri Net case, we have
depicted an example conversation based on the contract-net protocol between a
manager and three contractors.

The actual behaviour of the manager and contractors is not specified by the
example net shown: thisinformation is encoded inside arc inscriptions and guards.
Consider two potential strategies, i.e. conversation policies, the manager can follow
during the course of the conversation:

1. Wait for the first two proposals, accept the best one, and regject the other one,
and all other late proposals. If the chosen proposal fails, reissue the cfp again
and follow this approach all over again until the task is successfully
accomplished.

2. Wait for the first two proposals, accept the best one, but do not reject the
second one—keep collecting incoming proposalsinstead. 1f thechosen onehas
finished successfully, reject all other proposals. If the chosen onefails, choose
the next best, and iterate through the process until successful, or in the case of
no more proposals waiting, reissue the cfp.

Process
Start Failure/%l

Prepare CFP Process|proposals

Process
Success

Timeout

Proposals

Prepare Proposa Terminate

Prepare Proposal Terminate

Figure 14. A contract net with three contractorsin Petri net notation.



One can build more complex conversationsbased on the manager and contractor
roles, and it is possible to combine two or more protocolsinto asingle conversation
model. Itisalso possible for a contract-net protocol to work together with request
and inform protocols.

For the case of complex interaction schemasiit is possible, but not necessarily
desirable, to reuse the net models and structures for concurrent unrelated
conversations, as the net is already being used in a concurrent fashion by a single
concurrent conversation. (In such acase the creation of separate structuresfor each
of the conversation instances would be suggested for the sake of simplicity, and this
Is the approach that we follow). With coloured Petri Nets, it is possible to use a
single net structure even in those complex concurrent cases, but in such cases an
appropriate additional matching based on conversationidentifiersisnecessary inside
the arc expressions and transition code.

5. Deliberation and Task Scheduling

A high-level part of the Opal architectureisaset of standard agentsto perform
scheduling and planning for other agents. All micro-agents and ordinary agentsare
inherently goal-driven and role-oriented. The micro-agent platform built on top of
micro-kernel provides set of standard agent services to perform hierarchical goal
reasoning and planning, following Procedural Reasoning Systems [21] traditions.
Thisis currently in the design phase and will be described in future publications.

Developers can use all the lower level machinery to perform simple task and
goa decomposition and program appropriate scenarios to be used as a role
implementations. Further, the developer can provide some meta-level reasoning
agents and capabilities which will typically span most of the existing system
components.

The principle ideais not to cope with the big task in asingle centralized place
(such asinside alarge coarse-grained agent), but rather to reuse different bits and
piecesdistributed throughout the system. Thisiswherethe entire system can benefit
from the micro-agent infrastructure. One of the main goals of Opal is to provide
uniform modelling abstractions and operational techniques, which can be used for
dealing with different scales and different granularity of components. A loosely
coupled, but interconnected network of such components, an agent system, should
be able to solvein aflexible and robust different complex systems.



6. Summary

This paper has described the Opal system which seeks to employ the notion of
agent modelling a multiple levels of abstraction by using micro-agents. The
micro-agent and supporting kernel implementations that we have developed in Java
enabl e the software engineer to devel op agent-based systems and components that
are much more efficient than those devel oped by conventional coarse-grained agent
technology. With Opal it is possible to design FIPA-based agent systems and also
employ agent-based components for virtually all aspects of a software system,
including finer-grained components that are not normally implemented in terms of
agent constructsfor reasonsof efficiency. Opal also suppliesan Agent Conversation
Manager that incorporates the notion of higher-level ‘policies’ for guiding and
constraining agent interactions. It is our contention that the approach and
infrastructure described here supports a more scalable approach to agent-based
solutions, because one can employ agent-based concepts over a wider range of
software engineering activitiesand still produce efficient softwareimplementations.

We are continuing to add more services and functionality to the Opal agent
framework and will make the source code publicly available in the near future.
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